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Abstract
Background
Online pornography use, an ever more common activity, has raised myriad psychosocial and clinical concerns. While there is a need to screen for and measure its problematic dimension, there is a debate about the adequacy of existing assessment tools.

Objective
The study compares two instruments for measuring pathological online pornography use (POPU) that are based on different theoretical frameworks—one in line with DSM-5 criteria and the six-component addiction model and one in line with ICD-11 criteria.

Methods
An international sample of 1,823 adults (Mean age = 31.66, SD = 6.74) answered an online questionnaire that included the Short Version of the Problematic Pornography Consumption Scale (PPCS-6) and the Assessment of Criteria for Specific Internet-Use Disorders (ACSID-11). Factorial, correlational, and network analyses were conducted on the data.

Results
Both tools adequately screened for online “addictive” behavior, but the ACSID-11 was superior in assessing the degree of clinical risk.

Conclusion
Depending on the specific aim of the assessment (screening vs. clinical diagnostics), both online pornography measurement tools may be useful.
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	Text box 1. Contributions to the literature

	•Among researchers, assessment of Internet-based activities problematic use is a matter of growing theoretical disagreement.

	•Against the tide, in the present study, two assessment instruments developed based respectively on the two main theories of behavioral addictions demonstrate equivalent ability to assess problematic use, among the same sample of participants.

	•In addition, the main findings suggest that de precise adequacy of a given assessment instrument on screening for Internet-based activity problematic use depend on the type of activity and on the studied population.




Introduction
The inclusion of Internet Gaming Disorder in the appendix to the 5th edition of the Diagnostic and Statistical Manual of Mental Disorders (DSM-5) [1, 2] and, more recently, of Gaming Disorder in the addictive disorders section of the 11th revision of the International Classification of Diseases (ICD-11) [3, 4] has contributed to a proliferation of scientific research into “new” behavioral addictions—pornography, sports, shopping, social media, dating apps, smartphones, etc. Studies have typically aimed to assess the degree to which increased involvement in “appetitive behaviors” leads to symptoms of an addictive disorder [5–7] or to understand the phenomenological factors associated with, or predictive of, these possible addictions [8–19].
A parallel line of research has aimed to develop instruments for measuring Internet-mediated, potentially addictive, behaviors and help identify pathological cases [10, 20–26] in light of the greater awareness of online risks and concern that around-the-clock access to services that are addictive “by design” may increase problematic use [6, 25, 27–29]. In the case of online pornography, specifically, public health concerns have been raised about the psychological, physical, relational, and societal effects of addictive use [30]. After nearly two decades of “Internet addiction” research that has not always differentiated among specific, potentially addictive, online activities [31, 32], the field can be seen as shifting to exploring unique problematic behaviors—use of online pornography but also that of social media, dating apps, shopping, gambling, and smartphones. Given that personality features such as impulsivity have long been associated with the online experience and problematic online behavior [33], the field may also be seen as moving toward a more nuanced understanding of the psychological drivers of said behaviors.
Still, there is no consensus on when a given potentially problematic online behavior becomes excessive or reaches the threshold of an “addiction” [6, 25, 34], and a growing body of research [6, 35–37] has highlighted the limits of some popular assessment instruments used in making that determination.
Behavioral addiction models
A behavioral addiction has been defined as a compulsion to engage in a rewarding non-substance-related activity that continues despite negative consequences to the person’s physical, relational, professional, academic, or financial well-being [38]. Similar neural brain reward pathways appear implicated in behavioral and substance addictions [39–41].
Most psychometric tools for assessing potential online behavioral addictions, including pornography, gaming, gambling, or dating apps, are based on the “component model” of behavioral addiction as developed by Griffiths et al. [42] from the model in use for substance addiction [43]. This model assesses addictive behaviors based on six specific components: (a) salience, (b) tolerance, (c) mood modification, (d) relapse, (e) withdrawal, and (f) conflict. This model can be seen to be aligned with the DSM-5 diagnostic criteria for behavioral addictions such as gambling and Internet-based gaming disorder [1, 2].
The component model, however, has been criticized on the grounds that some of its criteria (e.g., salience, tolerance) may not be valid in the context of online activities [6, 44–46]. In addition, the mood modification criterion has been considered too commonly present to correctly discriminate among individuals with or without addictive behaviors [6, 44–46]. Furthermore, high involvement in internet-related behaviors is likely not pathognomonic for addiction [47–48] and may stem from comorbid disorders (e.g., mood disorders, anxiety disorders, attention-deficit and hyperactivity disorder) [49–51].
In a recent study that examined the psychometric validity of the six-component model in the context of social media “addiction”, Fournier et al. [6] concluded that psychometric addiction instruments based on the component model do not form a unitary construct as usually theorized (a global “addiction” score), but are rather characterized by central components (salience and tolerance) and peripheral ones (relapse, mood modification, conflict, and withdrawal) that the instruments “conflate.” This, the authors warn, risks pathologizing normal behavior.
Given the debate around the limitations of the component model and in order to minimize the risk of pathologizing normal online behavior, Muller et al. [25] developed the Assessment of Criteria for Specific Internet-use Disorders (ACSID-11), an instrument based on the ICD-11 [3] criteria for gaming disorder, conceiving of it as “a consistent and economic measure of major types of potential and specific Internet-use disorders” (e.g., pornography, gaming, shopping, gambling, social media) [25, p. 427]. Rather than the six components of the component model, the ACSID-11 is based on the ICD-11 criteria for disorders due to addictive behaviors such as gaming and gambling that have a multifactorial structure [25, p. 430] involving: (a) impaired control over the activity (e.g., onset, frequency, intensity, duration, termination, context); (b) increased priority given to the activity at the expense of other interests and activities; and (c) continuation or escalation of use despite negative consequences [3, 25]. A fourth criterion was added in relation to functional impairment in daily life and marked distress due to the online activity.
In parallel, Bothe et al. [52] developed the Compulsive Sexual Behavior Disorder Scale (CSBDS-19), an ICD-11-based screening tool for measuring compulsive sexual behavior disorder (CSBD), defined as a difficult to resist and persistent tendency to engage in sexual activities despite experiencing significant clinical symptoms and impaired functioning [3]. The CSBDS-19 comprises 5 dimensions: control over sexual behavior; salience (sexual behavior being the central focus of one’s life); relapse (unsuccessful efforts to reduce sexual behavior); dissatisfaction (experiencing less or no satisfaction from sexual behavior); and negative consequences (sexual behavior generating clinically significant distress or impairment).
The ICD-11-based ACSID and CSBDS are designed to measure the frequency/intensity of the difficult-to-control behavior and its negative consequences [1, 25, 52]. The component model, which is in line with the DSM-5 criteria for behavioral addictions such as gambling and Internet gaming, on the other hand, includes processes (e.g., mood modification) that are considered driving pathways (e.g. “feels better”) [41] and that are included in the DSM-5-based PPCS but not the ACSID or CSBDS.

Behavioral addiction vs. impulse control disorder
The distinctions between behavior addictions and impulse control disorder have not been clearly delineated, with some disorders having been interchangeably conceptualized and referred to as both. Gambling disorder, for example, was included under the section of “impulse control disorders” in the DSM-IV and under “substance-related and addictive behaviors” in the DSM-5 [53]. Still, attempts to distinguish the two classes have emphasized that behavioral addictions involve a compulsive behavior that is performed repeatedly to reduce emotional or physical discomfort and to alleviate unease or distress [54]. Starting as reward-driven, behavioral addiction processes may soon become dominated by the compulsive element [41]. The impulse control disorder designation, on the other hand, stresses diminished control over an urge-driven act, with little consideration for consequences or despite having already suffered negative effects [54].
Some models consider problematic online activities as impulsive, some as ritualized chronic behaviors reminiscent of the obsessive-compulsive spectrum, and some as a behavioral addiction [55, 56]. Compulsive sexual behavior (CSB), which can be seen to include problematic online pornography use (POPU), has been categorized under impulse control disorders in the ICD-11. There is, however, ongoing debate about whether it might be more closely aligned with addictive behaviors [57–60], especially since limited neurobiological research suggests that it may share characteristics with the addiction model as it has been defined in substance use disorders [60].

The present study objectives
To inform the debate about the current instruments used in identifying behavioral addictions, this study compared the psychometric properties of the Short Version of the Problematic Pornography Consumption Scale (PPCS-6 [23], designed specifically for online pornography), to the ACSID-11 [25] (applied, in the current study, to online pornography).
The rationale for choosing the PPCS-6 relates to the fact that it is based on the component model, which is widely used for conceptualizing behavioral addictions and is in line with the DSM-5 diagnostic criteria for these conditions [1, 44–46]. The rationale for choosing the ACSID-11 relates to the fact that it is based on the ICD-11 criteria for disorders due to addictive behaviors such as gambling and gaming [3] and because its design allows for assessing a wide range of potentially problematic online activities. Therefore, a comparison between these two instruments also allows for an examination of the extent to which the DSM-5 and the ICD-11 definitions capture the problematic behavior. The choice of problematic online pornography use (POPU) as topic of investigation stems from the fact that online pornography is a highly prevalent behavior and has been studied using both instruments. Indeed, when it comes to the development of the Internet, sex was absolutely foundational. It has been said that lust drives technology, and many everyday online functions, such as secure credit card transactions, videoconferencing, peer-to-peer file sharing, and digital watermarking, had some of their first applications on pornographic sites [61]. Since the arrival of mainstream pornography platforms in the early 2000’s and the rise in smartphone use, online pornography consumption has shown considerable year on year leaps [62–65]. Pornhub, one of the most popular pornographic websites, had approximately 34 billion visits in 2018, 42 billion in 2019 and 55 billion in 2022 [62, 63]. Much has been written about how online pornography consumption may have contributed to decreased satisfaction with “real-life” sexual partners, unrealistic expectations about sexual drive and performance, risky sexual practices, and the emergence of the “hook up” culture [66–69]. Still, most cases of online pornography use are likely non-problematic. Some, however, have been linked to dependence-like states and psychological symptoms [65], with studies of POPU showing prevalence rates between 1 and 15% [65, 70–72].
Given that POPU is one of the most common manifestations of compulsive sexual behavior disorder (CSBD) [73], the CSBD-19 scale [52] was used to test the discriminant validity of the PPCS-6 and the ACSID-11. While all three instruments were designed to measure problematic sexual behavior, it remains unclear how different the constructs assessed by them are or which instrument may best capture POPU. Thus, the present study aims to investigate differences and similarities in the constructs measured by these scales and to assess their respective ability to “capture” POPU.
Research questions
Three research questions (RQ) guided the study.
	a)
RQ1: If used in the same study sample, would two instruments with different theoretical backgrounds (the PPCS-6 and ACSID-11) have a similar statistical ability to measure online pornography “addiction”?

 

	b)
RQ2: Do these scales measure similar constructs?

 

	c)
RQ3: If we assess “addiction” symptoms using the two scales on the same sample, which symptoms might be central (highly relevant to the “addictive” behavior and might “drive” other symptoms) and which might be peripheral (secondary) in a psychological network analysis?

 




As this was designed as an exploratory study, no hypothesis associated with these research questions were made.



Methods
Participant recruitment and sampling
We recruited 1,823 adults who were active online pornography users to participate in the study by answering an online questionnaire. The inclusion criterion was active online pornography use as determined by self-reported information. The recruitment was conducted anonymously, using the online crowdsourcing platform Prolific [74]. Prolific has been described as having some advantages over other similar platforms, including that it is exclusively dedicated to research studies, and its participants are more ethnically and geographically diverse [75, 76].

Data collection material
The data was collected via online questionnaire. The questionnaire included sociodemographic questions and several measurement instruments (see descriptive statistics in Table 1), as follows:
Table 1Descriptive statistics of the variables/factors related to the scales used in the present study


	Scales’ Dimensions / Total scores
	N
	Scale
	Min-Max
	M
	SD
	Skewness
	Kurtosis

	PPCS
	 	 	 	 	 	 	 
	Salience
	1823
	1–7
	1–7
	2.95
	1.69
	0.52
	-0.79

	Mood modification
	1823
	1–7
	1–7
	4.30
	1.75
	-0.34
	-0.88

	Conflict
	1823
	1–7
	1–7
	2.27
	1.66
	1.19
	0.33

	Tolerance
	1823
	1–7
	1–7
	2.56
	1.81
	0.88
	-0.48

	Relapse
	1823
	1–7
	1–7
	2.70
	1.94
	0.78
	-0.73

	Withdrawal.
	1823
	1–7
	1–7
	2.05
	1.56
	1.46
	1.15

	PPCS total score
	1823
	1–7
	1–7
	2.80
	1.35
	0.71
	-0.27

	ACSID-Frequency
	 	 	 	 	 	 	 
	Impaired control
	1823
	1–4
	1–4
	2.06
	0.81
	0.56
	-0.54

	Increased priority
	1823
	1–4
	1–4
	1.54
	0.71
	1.38
	1.28

	Continuation/escalation
	1823
	1–4
	1–4
	1.36
	0.59
	1.91
	3.30

	Functional impairment
	1823
	1–4
	1–4
	1.47
	0.67
	1.59
	2.10

	Total score - frequency
	1823
	1–4
	1–4
	1.58
	0.59
	1.41
	1.68

	ACSID-Intensity
	 	 	 	 	 	 	 
	Impaired control
	1823
	1–4
	1–4
	1.95
	0.83
	0.66
	-0.45

	Increased priority
	1823
	1–4
	1–4
	1.51
	0.72
	1.50
	1.55

	Continuation/escalation
	1823
	1–4
	1–4
	1.32
	0.58
	2.11
	4.19

	Functional impairment
	1823
	1–4
	1–4
	1.42
	0.68
	1.74
	2.45

	Total score - intensity
	1823
	1–4
	1–4
	1.52
	0.60
	1.50
	1.78

	ACSID both frequency and intensity combine in one score par dimension
	 	 	 	 	 	 	 
	Impaired control
	1823
	1–4
	1–4
	2.01
	0.79
	0.61
	-0.50

	Increased priority
	1823
	1–4
	1–4
	1.52
	0.69
	1.42
	1.34

	Continuation/escalation
	1823
	1–4
	1–4
	1.34
	0.57
	2.00
	3.66

	Functional impairment
	1823
	1–4
	1–4
	1.44
	0.66
	1.66
	2.25

	ACSID overall total score
	1823
	1–4
	1–4
	1.55
	0.59
	0.45
	1.74

	Cyberporn use
	 	 	 	 	 	 	 
	Cyberporn use frequency
	1823
	2–12
	2–12
	4.00
	1.84
	1.14
	1.85

	SDI
	 	 	 	 	 	 	 
	Dyadic
	1823
	1–8
	8–8
	5,38
	1,26
	-0.73
	0.87

	Solitary
	1823
	1–8
	8–8
	5,03
	1,58
	-0.47
	-0.19

	CSBD
	 	 	 	 	 	 	 
	Control
	1823
	1–4
	1–4
	1,65
	0.76
	1.05
	0.21

	Salience
	1823
	1–4
	1–4
	1,75
	0.75
	0.80
	-0.24

	Relapse
	1823
	1–4
	1–4
	1,71
	0.73
	0.95
	0.18

	Dissatisfaction
	1823
	1–4
	1–4
	1,87
	0.85
	0.66
	-0.62

	Negative consequences
	1823
	1–4
	1–4
	1,55
	0.67
	1.30
	0.92

	CSBD-total
	1823
	1–4
	1-3.78
	1,67
	0.62
	0.96
	0.17


N = number of participants; M = mean; SD = standard deviation
PPCS = Problematic Pornography Consumption Scale; ACSID = Assessment of Criteria for Specific Internet-use Disorders; SDI = Sexual Desire Inventory; CSBD = Compulsive Sexual Behavior Disorder Scale
When the skewness is between − 0.5 and 0.5, the distribution is fairly symmetric. If the value is greater than + 1, the distribution is right skewed. If the value is less than − 1, the distribution is left skewed. If the Kurtosis value is greater than + 1, the distribution is leptokurtic; if the value is less than − 1, the distribution is platykurtic



Socio-demographic questions covering age, sex, marital status, level of education, and socio-economic status (SES).
The Short Version of the Problematic Pornography Consumption Scale (PPCS-6) [23]. This instrument contains 6 items (e.g., “I felt that porn is an important part of my life”, “I became stressed when something prevented me from watching porn”) and was constructed based on Griffiths’ [42] six-component addiction model covering salience, tolerance, mood modification, relapse, withdrawal, and conflict. Associated with each item is a 7-point Likert response scale, ranging from 1 (Never) to 7 (All the time).
The Assessment of Criteria for Specific Internet-use Disorders questionnaire (ACSID-11) covering frequency and intensity (ACSID-F and ACSID-I, respectively) [25]. The ACSID is a new screening instrument based on ICD-11 criteria for potential Internet-related disorders, including online pornography use, and contains 11 items (e.g., “In the past 12 months, have you tried to stop or restrict the activity and failed with it?”, “In the past 12 months, have you neglected or given up other activities or interests that you used to enjoy because of the activity?”). For each item, there are two questions assessing frequency and intensity (e.g., [a] Think about pornography use - how often? [responses on a scale ranging from 1(“never”) to 4 (“often”)]); [b] Think about pornography use - how intense? [responses on 1–4 points scale from “not at all intense” to “intense”]). The ACSID-11 covers four dimensions: Impaired control over the Internet activity (IC, 3 items); Increased priority given to the online activity (IP, 3 items); Continuation/Escalation (CE, 3 items) of the Internet activity despite negative consequences; Functional impairment in daily life (FI, 2 items: functional impairment [FI] and marked distress related to the activity [MD]).
Extent of online pornography use. This was measured using a 2-item scale (“In the last month, how much time have you spent on a typical weekday on pornography?” and “In the last month, how much time have you spent on a typical week-end day on pornography?”), with answers marked on a 6-point scale (1 = Less than half an-hour; 2 = 0.5–1 h; 3 = 1–3 h; 4 = 3–5 h; 5 = 5–7 h; and 6 = More than 7 h). For each participant, the answers on the two items were aggregated into a single total score for extent of online pornography use.
The Sexual Desire Inventory (SDI) [77, 78]. This questionnaire contains 14 items that assess two dimensions of sexual desire: solitary (i.e., the desire to engage in sexual behavior alone) and dyadic (i.e., the desire to have sexual activity with another person). Using a Likert response scale, participants report on the two dimensions as follows: frequency, from 0 (not at all) to 7 (more than once a day); intensity, from 0 (no desire) to 8 (strong desire); and importance, from 0 (not at all important) to 8 (extremely important). For each participant, two scores were calculated: dyadic sexual desire score and solitary sexual desire score. Higher scores indicate greater sexual desire in each of the two dimensions.
The Compulsive Sexual Behavior Disorder Scale (CSBD-19) [52]. This is an ICD-11-based screening tool for compulsive sexual behavior that is comprised of 19 items (e.g., “Even though my sexual behavior was irresponsible or reckless, I found it difficult to stop”; “My sexual activities interfered with my work and/or education”), each measured according to the five dimensions presented in the introduction section. It must be noted that the CSBD-19 (1–4 points scale) assesses global compulsive sexual behavior, without a specific focus on online pornography.

Ethics
Participants gave digital informed consent for participating in the study and completing the survey. Participation was voluntary and restricted to those aged ≥ 18. All data was anonymously collected. The survey was conducted in accordance with the Swiss Human Research Act (HRA) [79]. Ethical approval for the research project (no. KB 390/2022) was obtained from The Bioethics Committee of the Nicolaus Copernicus University functioning at Collegium Medicum in Bydgoszcz, Poland.

Data analysis
First, we conducted descriptive statistics on all study variables (frequencies, means [M], standard deviations [SD], skewness, and kurtosis). These analyses were run with SPSS software statistics (version 29).
To answer RQ1, we conducted several exploratory factorial analyses (EFA) on 70% of the data, including participants’ scores on the six PPCS items/symptoms. These EFA included: unrotated, varimax, and oblimin rotation and eigenvalues vs. parallel analysis to determine the number of factors. Confirmatory factorial analyses (CFA) was conducted on 30% of the PPCS data and on 100% of the data that included participants’ scores on each item of the ACSID-F and ACSID-I. These analyses were carried out to test the dimensionality and construct validity of the two scales.
To evaluate model fit, we used the Comparative Fit Index (CFI), the Tucker-Lewis fit index (TLI), the Standardized Root Mean Square Residual (SRMR), and the Root Mean Square Error of Approximation (RMSEA). Expert statisticians [80, 81] consider that cutoff values of > 0.95 and 0.90 for CFI and TLI, respectively, and of < 0.06 and 0.08 for SRMR and RMSEA, respectively, indicate good or acceptable model fit. A chi-square value divided by degrees of freedom (x2/df) of < 3 and of < 5 is another indicator of good or acceptable model fit, respectively [82].
Cronbach alpha coefficient (α) was used as a measure of reliability, with coefficients > 0.8 and > 0.7 indicating good and acceptable internal consistency, respectively [83]. Correlation analyses (Pearson) were used to test convergent validity between different measures of the same or related constructs. According to Cohen [84], a value of r = 0.10, 0.30, or 0.50 indicates a small, medium, or large effect, respectively. As the ACSID scale was developed relatively recently by Muller et al. [25] and we wanted to confirm whether our work will yield the same latent structure described by its developers, we did not conduct EFA. However, as the PPCS was developed four years ago [23] and there is some disagreement about whether the six items of the component model [42] on which it was based are unidimensional (one-factor structure) or would better fit within a multifactorial structure, we did conduct EFA. In addition, we conducted binary logistic regression to test the discriminant validity of the PPCS and the ACSID (ability to discriminate between “low clinical risk” [first quartile = coded “0”] vs. “high clinical risk” cases [fourth quartile = coded “1”]).
To answer RQ2, we conducted EFA (using the same parameters as above) on 70% of the data, including participants’ total scores on each of the six PPCS items (salience [S], tolerance [T], relapse [R], conflict [C], mood modification [MM], and withdrawal [W]) and on each of the ACSID-F dimensions (IC, IP, CE, FI). Then, we conducted CFA on 30% of the sample.
It is important to note that varimax rotation returns orthogonal factors, while oblimin allows the factors to not be orthogonal [85]. EFA, correlations, and logistic regression analyses were conducted with SPSS statistics (version 29). CFA were run using Jamovi (version 2.3.26).
To answer RQ3, we conducted a psychological network analysis on the PPCS and ACSID-F symptoms, using the “bootnet” and the “mgm” packages for R. Psychological network analysis was developed in the field of psychopathology [86, 87], although it has also been used in other fields. It belongs to the family of network analyses whose common base is the representation of relations between objects (nodes) using links (edges). In the classic social network analysis, the search focuses on a relational network in which the nodes represent individuals or objects and the links represent social relations. Psychological network analysis is different in that the nodes represent variables (psychological) measured on a sample and the links represent a statistical association among these variables. In health studies, this type of analysis aims to answer three main questions: (a) How does a set of symptoms dynamically relates to other symptoms (partial interactions)?; (b) Which symptoms are the most important (central symptoms that drive the maximum number of other symptoms)?; and (c) Is there cluster and bridges between specific groups of symptoms?


Results
Descriptive statistics on the participants sociodemographic variables
The 1823 participants varied in age from 19 to 65 years (M = 31.66, SD = 6.74). Males were more heavily represented than females (male = 1155 [63.4%], female = 636 [34.9%], non-binary = 32 [1.8%]). About half were single and half were married or in a relationship (single = 900 [49.4%], in relationship but not married = 567 [31.1%], married = 317 [17.4%], divorced = 37 [2.0%], widowed = 2 [0.1%]). Socio-economic status varies as follows: low = 483 (26.5%), intermediate = 1265 (69.4%), high = 75 (4.1%). Most of the participants (79.0%) were whites, with other ethnic groups distributed as follows: Asian = 9.4%, mixed-race = 4.8%, other = 2.2%. Educational level (years of schooling) varied from a minimum of 4 years to a maximum of 27 (M = 15.94, SD = 3.08).
Participants resided in the United Kingdom (1,482; 77.2%), the United States (342;17.8%), Ireland (31; 1.6%), Australia (29; 1.5%), Sweden (24; 1.3%), and New Zealand (12; 0.6%). They were of diverse nationalities: 27 European countries (1,466; 76.1%), 2 North-American countries (307; 16%), 14 Asian countries (51; 2.7%), 8 African countries (31; 2%), 2 Oceania countries (34; 1.8%), 8 Latin-American countries (13; 0.8%), and 5 Middle Eastern countries (11; 0.8%).

Descriptive statistics of responses to scales’ questions, male vs. female comparisons, and correlation between ACSID-F and ACSID-I dimensions
Table 1 shows the descriptive statistics regarding the dimensions and symptoms from all study scales. As shown, only mood modification (a PPCS symptom) and dyadic and solitary sexual desire (the two SDI dimensions) had a score above the middle of the scale range.
The extent of cyberporn use by male participants (M = 2.15, SD = 0.95; scale 1–6) was significantly higher than by female participants (M = 1.75, SD = 0.79), F(2, 1788) = 43.19, p < 0.001, η2p = 0.045. The total PPCS score for male participants (M = 3.08, SD = 1.36; scale 1–7) was also significantly higher than for female participants (M = 2.31, SD = 1.18), F(2, 1788) = 75.35, p < 0.001, η2p = 0.057. The ACSID total score for male participants (M = 1.66, SD = 0.62; scale 1–4) was significantly higher than for female participants (M = 1.36, SD = 0.48), F(2, 1788) = 54.91, p < 0.001, η2p = 0.076. Similarly, the CSBD total score for male participants (M = 1.75, SD = 0.63; scale 1–4) was significantly higher than for female participants (M = 1.56, SD = 0.59), F(2, 1788) = 17.88, p < 0.001, η2p = 0.019.
The PPCS (scale 1–7 points) percentile distribution was as follows: 25th percentile = 1.66; 50th percentile = 2.50; 75th percentile = 3.83. Notably, 19.4% of participants had a score ≥ 4 points, 7.1% had a score ≥ 5 points, and only 1.5% had a score ≥ 6 points. The ACSID (scale 1–4 points) percentile distribution was as follows: 25th percentile = 1.10; 50th percentile = 1.36; 75th percentile = 1.80. Notably, 18.6% of participants had a score ≥ 2 points and only 3.2% had a score ≥ 3 points. The CSBD (scale 1–4 points) percentile distribution was as follows: 25th percentile = 1.15; 50th percentile = 1.47; 75th percentile = 2.05. Notably, 26.1% of participants had a score ≥ 2 points and only 3.7% had a score ≥ 3 points. The chi-square of independence test conducted on the percentiles’ distribution of these three assessment tools indicated significant statistical difference (X2 = 43.71, p < 0.05, η2 = 0.33).
Table 2 shows the correlations between ACSID-F and ACSID-I dimensions. As it can be seen in Table 2, the four ACSID-F factors are highly correlated to the same ACSID-I factors.
Table 2Pearson correlation between symptoms of the assessment of criteria for specific internet-use disorders — frequency and intensity forms


	ACSID-F/ACSID-I
	Impaired control
	Increased priority
	Continuation/escalation
	Functional impairment
	Marked distress

	Impaired control
	0.87
	0.57
	0.49
	0.53
	0.46

	Increased priority
	0.62
	0.90
	0.68
	0.62
	0.55

	Continuation/escalation
	0.54
	0.67
	0.91
	0.65
	0.64

	Functional impairment
	0.55
	0.61
	0.63
	0.84
	0.58

	Marked distress
	0.50
	0.58
	0.65
	0.63
	0.84


ACSID-F = Assessment of Criteria for Specific Internet-use Disorders — Frequency
ACSID-F = Assessment of Criteria for Specific Internet-use Disorders – Intensity




Comparison of PPCS vs. ACSID psychometric properties (response to RQ1)
Assumption for factorial analyses
For the PPCS, the assumptions of adequacy (Kaiser–Meyer–Olkin [KMO] test = 0.864) and sphericity (Bartlett’s test [df = 15] = 5176, p < 0.001) for factorial analyses were met [88].
For the ACSID-F and ACSID-I, the assumptions of adequacy (KMO test = 0.906) and sphericity (Bartlett’s test [df = 231] = 39284.45, p < 0.001) for factorial analyses were also met [88].

EFA results and CFA indices
Regarding the PPCS, EFA based on eigenvalue yielded one factor structure explaining 61% of the variance. EFA based on parallel analysis yielded two different results: the oblimin rotation outputted a structure with two factors explaining 66.3% of the variance (Factor 1 [salience and mood modification; 41.5%] and Factor 2 [tolerance, relapse, conflict, withdrawal; 24.08%]); and the varimax rotation outputted a structure with three factors explaining 72% of the variance (Factor 1 [salience and mood modification; 33.8%], Factor 2 [tolerance, relapse, conflict; 21.0% ]), and Factor 3 [withdrawal; 17.4%]).
Table 3The current study confirmatory factorial analysis results: Fit indices by model


	Model
	x2/df
	CFI
	TLI
	SRMR
	RMSEA
	Number of factors

	A
	41.11
	0.93
	0.88
	0.051
	0.148
	1

	B
	5.42
	0.99
	0.99
	0.011
	0.034
	2

	C
	4.87
	0.99
	0.99
	0.046
	0.032
	3

	D
	45.75
	0.93
	0.87
	0.050
	0.157
	2

	E
	9.753
	0.97
	0.96
	0.036
	0.069
	4

	F
	9.473
	0.97
	0.96
	0.034
	0.068
	4

	G
	24.06
	0.91
	0.89
	0.055
	0.112
	2

	H
	15.02
	0.95
	0.93
	0.036
	0.087
	4


x2/df = Chi-square/degree of freedom; CFI = Comparative Fit Index (CFI); TLI = Tucker-Lewis fit index; RMSEA = Root Mean Square Error of Approximation; SRMR = Standardized Root Mean Square Residual
Model A (61% of the variance) = PPCS conceived as one construct
Model B (66.3% of the variance) = PPCS conceived as two constructs (Factor 1 [salience and mood modification; 41.5% of variance] and Factor 2 [tolerance, relapse, conflict, withdrawal; 24.08% of variance])
Model C (72.2% of the variance) = PPCS conceived as three constructs (Factor 1 [salience and mood modification; 33.8% of variance], Factor 2 [tolerance, relapse, conflict; 221.0% of variance]), and Factor 3 [withdrawal; 17.4%])
Model D (Fournier et al., 2022) = PPCS conceived as two constructs (Factor 1 [salience and tolerance] and Factor 2[mood modification, relapse, conflict, withdrawal])
Model E = ACSID-F.
Model F = ACSID-I.
Model G (66.29% of the variance) = ACSID-F and PPCS conceived as two constructs (all ACSID-F four dimensions [ 35.49% of the variance] and all PPCS six dimensions [30.8% of the variance])
Model H (66.4% of the variance) = ACSID-I and PPCS conceived as four constructs (Factor 1 [ACSID-Increased priority, ACSID-Continuation/escalation, ACSID- Functional impairment; 24.57% of the variance], Factor 2 [PPCS-Salience and PPCS-Mood modification; 23.88% of variance], Factor 3 [PPCS-Tolerance, PPCS-Relapse, PPCS-Conflict, PPCS-Withdrawal; 12.72% of the variance], Factor 4 [ACSID-Impaired Control; 5.19% of the variance])
PPCS = Problematic Pornography Consumption Scale. ACSID = Assessment of Criteria for Specific Internet-use Disorders; PPCS = Problematic Pornography Consumption Scale



Table 3 represents the results of all CFA conducted. As shown, regarding the PPCS scale, the model with one factor had poor adjustment to the data (Model-A: x2/df = 41.11; CFI = 0.93; TLI = 0.88; SRMR = 0.051; RMSEA = 0.148), whereas the model with two factors (Model-B) and the model with three factors (Model-C) showed relatively good fit. Overall, Model-C seemed to be the best model (x2/df = 4.87; CFI = 0.99; TLI = 0.99; SRMR = 0.046; RMSEA = 0.032). Interestingly, Model-B differs from the two-factor model found by Fournier et al. [6] in an Italian sample, which had: Factor 1 (salience and tolerance) and Factor 2 (relapse, conflict, mood modification, withdrawal), with the following CFA fit indices: x2 = 98.729, df = 8, p < 0.001; CFI = 0.986; TLI = 0.974; SRMR = 0.073; RMSEA = 0.033. Therefore, using the Fournier et al. [6] factorial structure above, we conducted CFA on the present study data (Model-D, see Table 3) and found fit indices that indicated relatively poor adjustment to the data: x2/df = 45.75; CFI = 0.93; TLI = 0.87; SRMR = 0.050; RMSEA = 0.157.
The CFA conducted on the ACSID-F data (Model-E) suggested good adjustment: x2/df = 9.75; CFI = 0.97; TLI = 0.96; SRMR = 0.036; RMSEA = 0.069. The CFA conducted on the ACSID-I data (Model-F) indicated good fit: x2/df = 9.47; CFI = 0.97; TLI = 0.96; SRMR = 0.034; RMSEA = 0.068.

Internal reliability
The α of the PPCS one-factor structure (all six items/symptoms) was: 0.87. The α of the PPCS two-factor structure was: Factor 1 (salience and mood modification) = 0.76 and Factor 2 (tolerance, relapse, conflict, withdrawal) = 0.87.
The α of the ACSID-F was 0.90, and the α of the ACSID-I was 0.92. The α of the ACSID-F factorial structure was: Impaired control (IC) = 0.78; Increased priority (IP) = 0.85, continuation/escalation (CE) = 0.78, and functional impairment (FI) = 0.77. The α of the ACSID-I factorial structure was: IC = 0.80; IP = 0.86, CE = 0.79, and FI = 0.78.

Convergent validity
Table 4 shows the correlations between the six PPCS symptom scores, the PPCS total score, participants’ pornography use extent, sexual desire (dyadic and solitary), and the five factors of the CSBD. All r values are positive and show medium to high effect sizes.
Table 4Pearson bivariate correlation between the symptom from Problematic Pornography Consumption Scale and from Assessment of Criteria for Specific Internet-use Disorders, sexual desire, and the participants socio-demographic characteristics


	Factors / Variables
	Extent of online pornography use
	SDI Dyadic
	SDI Solitary
	CSBD Control
	CSBD Salience
	CSBD Relapse
	CSBD Dissatisfaction
	CSBD Negative consequences
	CSBD Total score
	Age
	Sex#
	Edu-level
	SES

	PPCS
	 	 	 	 	 	 	 	 	 	 	 	 	 
	Salience
	0.39
	0.30
	0.51
	0.35
	0.40
	0.38
	0.20
	0.30
	0.38
	0.17
	-0.18**
	-0.03
	-0.01

	Mood modification
	0.34
	0.34
	0.52
	0.31
	0.33
	0.34
	0.18
	0.28
	0.34
	0.09
	-0.21**
	-0.03
	-0.05

	Conflict
	0.37
	0.20
	0.33
	0.51
	0.42
	0.46
	0.27
	0.52
	0.53
	0.01
	-0.21**
	-0.04
	-0.05

	Tolerance
	0.40
	0.23
	0.35
	0.52
	0.46
	0.52
	0.32
	0.52
	0.57
	0.03
	-0.20**
	-0.04
	-0.02

	Relapse
	0.33
	0.21
	0.31
	0.47
	0.38
	0.53
	0.26
	0.44
	0.50
	0.03
	-0.27**
	-0.02
	0.02

	Withdrawal.
	0.35
	0.19
	0.29
	0.52
	0.44
	0.49
	0.31
	0.53
	0.56
	0.00
	-0.15**
	-0.05
	-0.04

	S-MM score
	0.41
	0.36
	0.57
	0.37
	0.40
	0.40
	0.21
	0.32
	0.40
	0.14
	-0.22**
	-0.04
	-0.03

	C-T-R-W score
	0.43
	0.25
	0.38
	0.60
	0.50
	0.59
	0.34
	0.59
	0.64
	0.02
	-0.25**
	-0.04
	-0.02

	PPCS total score
	0.47
	0.32
	0.49
	0.57
	0.52
	0.59
	0.33
	0.55
	0.62
	0.07
	-0.27**
	-0.05
	-0.03

	ACSID-Frequency
	 	 	 	 	 	 	 	 	 	 	 	 	 
	Impaired control
	0.41
	0.21
	0.32
	0.43
	0.31
	0.43
	0.24
	0.42
	0.44
	-0.06
	-0.24**
	-0.01
	0.01

	Increased priority
	0.42
	0.17
	0.30
	0.51
	0.43
	0.47
	0.29
	0.53
	0.55
	0.04
	-0.18**
	-0.01
	-0.01

	Continuation/escalation
	0.31
	0.13
	0.19
	0.45
	0.33
	0.41
	0.27
	0.50
	0.49
	-0.01
	-0.17**
	-0.00
	0.02

	Functional impairment
	0.36
	0.13
	0.24
	0.48
	0.35
	0.42
	0.25
	0.50
	0.49
	-0.06
	-0.19**
	-0.01
	-0.01

	Total score - frequency
	0.44
	0.18
	0.31
	0.54
	0.41
	0.50
	0.30
	0.57
	0.57
	-0.03
	-0.23**
	-0.01
	-0.00

	ACSID-Intensity
	 	 	 	 	 	 	 	 	 	 	 	 	 
	Impaired control
	0.41
	0.22
	0.32
	0.45
	0.34
	0.45
	0.24
	0.45
	0.47
	-0.03
	-0.24**
	-0.01
	0.02

	Increased priority
	0.41
	0.19
	0.29
	0.50
	0.43
	0.48
	0.28
	0.52
	0.54
	0.06
	-0.18**
	-0.03
	-0.01

	Continuation/escalation
	0.32
	0.13
	0.20
	0.43
	0.33
	0.39
	0.26
	0.49
	0.47
	0.02
	-0.15**
	-0.01
	0.02

	Functional impairment
	0.36
	0.13
	0.23
	0.47
	0.35
	0.41
	0.26
	0.49
	0.49
	-0.02
	-0.17**
	-0.01
	0.00

	Total score - intensity
	0.43
	0.19
	0.30
	0.54
	0.42
	0.50
	0.30
	0.56
	0.57
	-0.00
	-0.21**
	-0.02
	0.00

	ACSID both frequency and intensity combine in one score par dimension
	 	 	 	 	 	 	 	 	 	 	 	 	 
	Impaired control
	0.43
	0.22
	0.33
	0.45
	0.34
	0.45
	0.25
	0.45
	0.47
	-0.04
	-0.25**
	-0.01
	0.01

	Increased priority
	0.43
	0.18
	0.30
	0.52
	0.44
	0.49
	0.29
	0.54
	0.56
	0.05
	-0.19**
	-0.02
	-0.01

	Continuation/escalation
	0.32
	0.13
	0.20
	0.45
	0.34
	0.41
	0.27
	0.51
	0.49
	0.00
	-0.16**
	-0.00
	0.02

	Functional impairment
	0.37
	0.13
	0.24
	0.49
	0.36
	0.43
	0.26
	0.51
	0.51
	-0.04
	-0.18**
	-0.01
	-0.00

	ACSID overall total score
	0.44
	0.19
	0.31
	0.55
	0.42
	0.51
	0.31
	0.57
	0.58
	-0.01
	-0.23**
	-0.01
	0.003


#Bacause Sex is nominal variable (1 = male; 2 = female) we conducted zero-order person correlation analysis. The negative sign preceding the values means that female had statistically lower scores than male participants
**Correlation is significant at the 0.01 level; * Correlation is significant at the 0.05 level
PPCS = Problematic Pornography Consumption Scale; ACSID = Assessment of Criteria for Specific Internet-use Disorders; CSBD = Compulsive Sexual Behavior Disorder Scale; SDI = Sexual Desire Inventory; Edu-level = education level; SES = socio-economic status



Table 4 also shows the correlations between, on the one hand, ACSID-F and ACSID-I factorial scores and ACSID-F and ACSID-I total scores, and, on the other hand, participants’ online pornography use extent, sexual desire (dyadic and solitary), and the five factors of the CSBD scale. Most, but not all, r values were positive and of medium to high effect sizes.
Importantly, as can be seen in Table 4, the values of the ACSID-F and ACSID-I correlations with the extent of online pornography use, SDI, and CSBD dimensions are generally lower (although not in a statistically significant manner), compared with the values of the correlations between PPCS and the online pornography use, SDI, and CSBD variables.

Discriminant validity
Table 5 displays the results of the logistics regression models (Model 1–4). They represent a discriminant analysis testing. It shows:
Table 5The current logistic regression results: Estimated beta coefficients of the associations between the dimensions/symptoms from the Problematic Pornography Consumption Scale and the Assessment of Criteria for Specific Internet-use Disorders and compulsive sexual behavior “low clinical risk” vs. “high clinical risk” cases


	Latent classes
	Covariates
	b
	SE
	p
	OR
	OR 95%CI

	Model 1: Nagelkerke R2 = 60%

	Scales total score
	PPCS
	1.085
	0.102
	< 0.001
	2.96
	2.42
	3.61

	ACSID
	1.357
	0.230
	< 0.001
	3.88
	2.47
	6.09

	Model 2 : Nagelkerke R2 = 59%

	PPCS symptoms: the unidimensional model
	Salience
	0.097
	0.074
	0.190
	1.10
	0.95
	1.27

	Mood modification
	0.075
	0.068
	0.271
	1.07
	0.94
	1.23

	Conflict
	0.175
	0.081
	0.031
	1.19
	1.01
	1.39

	Tolerance
	0.348
	0.081
	< 0.001
	1.41
	1.20
	1.66

	Relapse
	0.268
	0.062
	< 0.001
	1.30
	1.15
	1.47

	Withdrawal
	0.505
	0.101
	< 0.001
	1.65
	1.35
	2.02

	Model 3 : Nagelkerke R2 = 57%

	PPCS total scores by factor: the bidimensional model
	S-MM score
	0.168
	0.073
	0.022
	1.18
	1.02
	1.36

	C-T-R-W score
	1.254
	0.095
	< 0.001
	3.50
	2.90
	4.22

	Model 4: Nagelkerke R2 = 50%

	ACSID total score by factor
	Impaired control
	0.677
	0.138
	< 0.001
	1.96
	1.50
	2.58

	Increased priority
	1.255
	0.219
	< 0.001
	3.50
	2.28
	5.39

	Continuation/escalation
	0.307
	0.275
	0.265
	1.35
	0.79
	2.33

	Functional impairment
	0.666
	0.234
	0.004
	1.94
	1.23
	3.08


b = beta coefficient; SE = standard error; p = p-value at 0.05 level; OR = odds-ratio; CI = confidence interval
PPCS = Problematic Pornography Consumption Scale. S-MM = salience and mood modification total score; C-T-R-W = conflict, tolerance, relapse, and withdrawal total score. ACSID = Assessment of Criteria for Specific Internet-use Disorders– both Frequency and Intensity score aggregate. CSBD = Compulsive Sexual Behavior Disorder Scale



	1)
To what extent the participants’ scores on the PPCS and ACSID symptoms/factors discriminated between (a) participants with low CSBD total-scores (fist quartile = “low clinical risk” [coded “0”]) and (b) participants with high CSBD scores (fourth quartile = “high clinical risk” [coded “1”]);

 

	2)
To what extent participants’ total scores on PPCS and ACSID-F/ACSID-I discriminated between (a) participants with low CSBD total-scores and (b) participants with high CSBD total-scores.

 




The “low clinical risk” group (n = 499) had a CSBD total-scores ≤ 1.16. Among them, 275 were male, 210 were female, and 14 were non-binary. The “high clinical risk” group (n = 446) had a CSBD total-scores ≥ 2.05. Among them, 323 were male, 118 were female, and 5 were non-binary. There was a statistical difference between the number of males and females present in each group (X2[df = 2] = 31.05, p < 0.001).
The descriptive statistics for the CSBD score were as follows: scale = 1–4 points; min score = 1, max score = 3.79, mean = 1.68, median = 1.47. The percentiles were: 25% = 1.16, 50% = 1.47, 75% = 2.05. The number of participants by quartile were: first quartile = 499 (27.4%), second quartile = 425 (23.3%), third quartile = 453 (24.8%), fourth quartile = 446 (24.5%).
The omnibus test model coefficients for Model 1 (PPCS total score and ACSID total score; X2 (df = 2) = 564.87, p < 0.001; Nagelkerke R2 = 60%), Model 2 (each of the PPCS symptoms score; X2 (df = 6) = 551.71, p < 0.001; R2 = 59%), Model 3 (each of the two PPCS factors total score; X2 (df = 2) = 545.99, p < 0.001; R2 = 57%), and Model 4 (each of the four ACSID factors total score; X2 (df = 4) = 441.36, p < 0.001; R2 = 50%) were significant, indicating a good fit to the data [89].
Model 1 results (see Table 5) suggests that the ACSID scale (odds-ratio [OR] = 3.88) performed better than the PPCS scale (OR = 2.92) at discriminating between “low clinical risk” of CSBD and “high clinical risk” of CSBD. Among the PPCS six symptoms (see Model 3), withdrawal (OR = 1.65), tolerance (OR = 1.41), and relapse (OR = 1.30) were the dimensions most able to discriminate between participants with “low clinical risk” and “high clinical risk” of CSBD. Among the ACSID four factors (see Model 2), increased priority (OR = 3.50) was the dimension that was the most able to discriminate between participants with “low clinical risk” and “high clinical risk” of CSBD.
The R2 values indicate the percentage of change in the dependent variable (CSBD) explained by the predictor variables in the model. The OR can be read here as the “effect-size” associated with each predictor in the model.


EFA results (response to RQ2)
For the EFA on the PPCS and ACSID dimensions total scores, assumptions of adequacy (KMO = 0.919) and sphericity (Bartlett’s [df = 120] = 11692.43, p < 0.001) were met [88]. The α were: ACSID-dimensions-total-score = 0.88 and PPCS = 0.87.
The EFA based on eigenvalue (including rotation) yielded a two-factor structure explaining 66.29% of the variance (Factor 1 [all ACSID-F five dimensions; 35.49%], Factor 2 [all PPCS six dimensions; 30.8%]). The EFA based on parallel analysis and varimax rotation yielded a four-factor structure explaining 66.4% of the variance (Factor 1 [ACSID-Increased priority, ACSID-Continuation/escalation, ACSID-Functional impairment, ACSID-Marked distress; 24.57%], Factor 2 [PPCS-Salience and PPCS-Mood modification; 23.88%], Factor 3 [PPCS-Tolerance, PPCS-Relapse, PPCS-Conflict, PPCS-Withdrawal; 12.72%], Factor 4 [ACSID-Impaired control; 5.19%]).
The CFA conducted on the above mentioned two-factor structure (Table 3, Model-G) showed a relatively poor fit to the data: x2/df = 24.06; CFI = 0.91; TLI = 0.89; SRMR = 0.055; RMSEA = 0.112. The CFA conducted on the above mentioned four-factor structure (Table 3, Model-H) showed acceptable adjustment to the data: x2/df = 15.02; CFI = 0.95; TLI = 0.93; SRMR = 0.036; RMSEA = 0.087.

Network relationships between symptoms (response to RQ3)
Full zero-order Pearson correlations between the symptoms
Table 6 displays the correlations between all symptom score values. As shown, all correlations were medium or large. However, the correlations were stronger (e.g., r > or = 0.50) within the same category of symptoms. Among symptoms belonging to the two different assessment tools, the correlations were stronger between: ACISD-IP x PPCS-C = 0.63; ACSID-IC x PPCS-R = 0.59; ACSID-IP x PPCS-W = 0.59; ACSID-IP x PPCS-T = 0.57; ACCSID-IF x PPCS-C = 52; and ACSID-IC x PPCS-C = 0.50.
Table 6Correlations between symptoms of Problematic Pornography Consumption Scale and the symptoms of Assessment of Criteria for Specific Internet-use Disorders -- Frequency form


	SYMPTOMS
	PPCS-S
	PPCS-MM
	PPCS-C
	PPCS-T
	PPCS-R
	PPCS-W
	ACSID-IC
	ACSID-IP
	ACSID-CE
	ACSID-FI
	ACSID-MD

	PPCS-S
	1.00
	 	 	 	 	 	 	 	 	 	 
	PPCS-MM
	0.61
	1.00
	 	 	 	 	 	 	 	 	 
	PPCS-C
	0.47
	0.42
	1.00
	 	 	 	 	 	 	 	 
	PPCS-T
	0.52
	0.48
	0.68
	1.00
	 	 	 	 	 	 	 
	PPCS-R
	0.41
	0.41
	0.57
	0.63
	1.00
	 	 	 	 	 	 
	PPCS-W
	0.47
	0.39
	0.64
	0.65
	0.58
	1.00
	 	 	 	 	 
	ACSID-IC
	0.36
	0.40
	0.50
	0.51
	0.59
	0.44
	1.00
	 	 	 	 
	ACSID-IP
	0.43
	0.35
	0.63
	0.57
	0.49
	0.59
	0.60
	1.00
	 	 	 
	ACSID-CE
	0.29
	0.23
	0.48
	0.44
	0.43
	0.49
	0.52
	0.70
	1.00
	 	 
	ACSID-FI
	0.35
	0.30
	0.52
	0.49
	0.46
	0.46
	0.55
	0.63
	0.66
	1.00
	 
	ACSID-MD
	0.24
	0.21
	0.45
	0.42
	0.41
	0.43
	0.51
	0.60
	0.67
	0.63
	1.00


PPCS = Problematic Pornography Consumption Scale
ACSID = Assessment of Criteria for Specific Internet-use Disorders
PPCS-S = Salience, PPCS-MM = Mood modification, PPCS-C = Conflict, PPCS-T = Tolerance, PPCS-R = Relapse, PPCS-W = Withdrawal.
ACSID-IC = Impaired control, ACSID-IP = Increased priority given to the activity, ACSID-CE = Continuation/escalation of use despite negative consequences, ACSID-FI = Functional impairment in daily life, ACSID-MD = Marked distress
Correlation analyses (Pearson) were used to test convergent validity between different measures of the same or related constructs
These analyses were run with IBM SPSS statistics (version 29). According to Cohen (1988), a value of r = 0.10, 0.30, 0.50 indicates a small, medium, large effect, respectively
Cohen, J. (1988). Statistical power analysis for the behavioral sciences (2nd ed.). New York: Academic Press




Symptoms network relationships
The stability metrics of this network were as follows: strength coefficient = 0.72, expected influence coefficient = 0.75, and edge coefficient = 0.75. All these indices indicate that the model had excellent stability [86, 87].
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Fig. 1The problematic pornography use variables structural and interactional network: all-sample. Circles are called “nodes” and they represent each variable (which in psychological network analysis are called “symptoms”) included in the model. The lines are called “edges” and they indicate the association between the symptoms and represent the standardized partial correlations. Blue edges indicate positive correlations, while orange edges indicate negative correlations. Thicker edges indicate larger partial correlations
PPCS = Problematic Pornography Consumption Scale. PPCS-S = Salience, PPCS-MM = mood modification, PPCS-C = conflict, PPCS-T = tolerance, PPCS-R = relapse, PPCS-W = withdrawal
ACSID = Assessment of Criteria for Specific Internet-use Disorders. ACSID-IC = Impaired control, ACSID-IP = Increased priority given to the activity, ACSID-CE = Continuation/escalation of use despite negative consequences, ACSID-FI = Functional impairment in daily life; ACSID-MD = Marked distress


Figure 1 shows the results of the psychological network analysis. The circles are referred to as “nodes” and represent each variable “symptom” included in the model. The lines are referred to as “edges” and represent the standardized partial correlations among symptoms (Spearman correlations, in this case). Blue edges indicate positive correlations, whereas orange edges (if any) indicate negative correlations. Thicker edges indicate larger partial correlations.
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Fig. 2Strength centrality of the modeled symptoms: all-sample. The symptoms are in the vertical axe. The Strength Centrality (SC) values are in horizontal axe
PPCS = Problematic Pornography Consumption Scale. PPCS-S = Salience, PPCS-MM = mood modification, PPCS-C = conflict, PPCS-T = tolerance, PPCS-R = relapse, PPCS-W = withdrawal
ACSID = Assessment of Criteria for Specific Internet-use Disorders. ACSID-IC = Impaired control, ACSID-IP = Increased priority given to the activity, ACSID-CE = Continuation/escalation of use despite negative consequences, ACSID-FI = Functional impairment in daily life; ACSID-MD = Marked distress


Figure 2 shows the centrality strength of ACSID and PPCS symptoms. The vertical axis represents symptoms, and the horizontal axis the corresponding centrality strength values. As seen, the central symptoms (the two most extreme-right line peaks) are ACSID-IP (SC = 1.95) and PPCS-T (SC = 1.44). Furthermore, there is a bridge pathway between the two categories of symptoms (ACSID and PPCS) that goes from ACSID-IC to PPCS-R and vice-versa.



Discussion
The present study explored the very common behavior of online pornography as an example of a potentially addictive Internet activity and compared two theoretically different instruments (PPCS vs. ACSID) to inform the debate surrounding the adequacy of current Internet-based pornography and other behavioral addiction assessment tools.
PPCS-ACSID: descriptive results and male vs. female comparison
With very few exceptions (three variables: mood modification [from PPCS symptoms], dyadic and solitary sexual desire [from SDI dimensions]), the results from the measurement tools indicate that the mean values are below the midpoint of the respective scale. This suggests that POPU is a relatively marginal phenomenon in the studied sample of online pornography users. Similar results have been found in previous studies [12, 90].
While this study was not designed to assess POPU or CSBD prevalence, it might be relevant to note that 19.4%, 18.6%, and 26.1% of participants had a total score equal or greater than the midpoint of the PPCS, ACSID, and CSBD scales, respectively. In addition, only 1.5%, 3.2%, and 3.7% of participants had a scores within the higher end of the PPCS (≥ 6 points), ACSID (≥ 3 points), and CSBD (≥ 3 points) scales. The prevalence of POPU and CSBD is highly disputed in the literature, in part because of the diversity of instruments used to assess them, the difficulty in agreeing on cuff-off values, and doubts about sample representativeness [65]. The 1.5%, 3.2%, and 3.7% prevalence rates in our study represent a conservative cut-off and fall within the 1–15% prevalence range for online pornography “addiction” as reported by several studies published in the last 10 years [65, 70–72].
Among online pornography users, extent of use, “addictive” use (as indicated by total PPCS and ACSID scores), and “compulsive” sexual behavior disorder (as indicated by total CSBD score) were all higher among male participants compared to female participants. Similar results have been found in other studies [12, 14, 23, 25, 52]. Several factors may help explain this: higher levels of testosterone in males, the hormone described as driving sexual desire [91]; genetic differences in vulnerability to the development and maintenance of this behavior [92]; sex-based differences in the neurophysiological aspects of sexual behavior [93]; differential impact on relationships and sexual and psychosocial functioning [94]; and cultural norms and social expectations that lead women to underreport sexual activity compared to men [95].

PPCS: Unifactorial or multifactorial?
As in the study by Fournier et al. [6], the EFA and CFA conducted on the present data indicate that the PPCS is a multifactorial measurement instrument (structured around at least two latent constructs). This finding is in contradiction with the unifactorial component model of behavioral addiction [42] on which the PPCS was based, and in contradiction with previous studies [23, 96, 97]. There is, however, an important difference between our findings and those of Fournier at al. [23]. While in both studies a structure with two factors was found, the two dimensions’ content was relatively different. In our study, the first dimension was composed of the salience and mood modification PPCS symptoms; the second, of the conflict, tolerance, relapse, and withdrawal PPCS symptoms. In the study by Fournier at al. [23], the first factor included salience and tolerance; the second, the remaining symptoms. Such differences in factor composition were frequently noted in studies related to the assessment of Internet-related addictive behaviors and have been hypothesized to be due to differences in sample characteristics and the type of Internet activity being studied [98]. Thus, the current difference may stem from the fact that our study focused on online pornography and used a more diverse sample (North America, Europe, and South Pacific), whereas Fournier et al. [23] focused on social media use in a sample drawn exclusively from Italy. Furthermore, this difference suggests that scales based on the component model may be associated with less reproducibility in terms of latent structure and screening or diagnostic capabilities across population samples and various potentially addictive behavior.
Based on their findings, Fournier at al. [23] claimed that screening tools based on the component model [38] may lead to pathologizing mere involvement in appetitive behaviors, because some of the six components (i.e., salience, tolerance) may be inadequate for assessing psychopathological symptoms. The current study results did not confirm this, given that (a) a different factorial structure was found and (b) tolerance was among the symptoms that were more able to discriminate between low clinical risk and high clinical risk cases of CSBD. Thus, these two studies’ relative “contradiction” suggests that the ability of assessment tools based on the component model to screen for addictive behavior may vary based on the Internet-related activity or on sample characteristics.

PPCS-ACSID: psychometric properties comparison (response to RQ1)
Regarding internal reliability, the PPCS had a α that varied from 0.76 to 0.87, and the ACSID had a α that varied from 0.78 to 0.92. While this represents a small advantage for the latter, both measurement tools had rather similar internal reliability metrics.
As for convergent validity, the correlation values between the two scales and the other modeled variables (extent of online pornography use, SDI, and CSBD dimensions) suggest small advantage for the PPCS. Conversely, the findings indicate that ACSID significantly outperforms the PPCS in discriminating between individuals with “low clinical risk” vs. “high clinical risk” behavior. This finding suggests that the ICD-11-based ACSID-11 is better than the component model and DSM-5-based PPCS at identifying severe cases, and therefore may reduce the over-pathologizing risk. However, this remains a hypothesis that should be tested more thoroughly in future studies.
Overall, the results suggest that both the PPCS and the ACSID-11 can appropriately assess “addictive” online pornography, although the ACSID-11 may have superior discriminative properties. The present finding is, however, limited by the fact that the Compulsive Sexual Behavior Disorder Scale (CSBD-19) [52] used in our analysis is not specific to online pornography.

PPCS-ACSID: same or different constructs (response to RQ2)
Findings from the present study indicate that when assessing a problematic online behavior, assessment tools based on different theoretical models such as PPCS (DSM-5 criteria, component model) and the ACSID-11 (ICD-11 criteria) do not measure the same constructs. Indeed, the CFA yielded a factorial structure that clearly separated PPCS symptoms on one side and ACSID symptoms on another. This suggests that the two measurement tools are not interchangeable and that the most discriminant criteria from the PPCS (i.e., tolerance) are not strongly associated with the ones driven by the ASCID-11 (i.e., increased priority). Another indication that these two instruments may not assess the same construct stems from the statistically significant difference in the calculated prevalence of “at risk” POPU (1.5% [PPCS] and 3.2% [ACSID]). In this respect, the ACSID prevalence of “at risk” participants is much closer to that of the CSBD “at risk” prevalence (respectively 3.2% [ACSID] and 3.7% [CSBD], not statistically significant). Of note, like the ACSID, the CSBD was designed as an ICD-11-based screening measure.

PPCS-ACSID: central symptoms (response to RQ3)
Overall, network analysis results indicate that relationships are stronger within the symptoms of each scale, suggesting a strong independence for each of the two scales and a distinct “raison d’être”, further supporting the idea discussed above of relatively different constructs. However, a “bridge” exists between the symptoms of the two scales—namely between the impaired control symptom (ACSID) and the relapse symptom (PPCS). This result would seem to make sense given that relapse (“when I vowed not to watch porn anymore, I could only do it for a short period of time”) can be seen as a facet of impaired control [99, 100].
Further, within the whole network, there are two central symptoms, one for each scale—increased priority (ACSID; SC = 1.95) and tolerance (PPCS; SC = 1.44). According to psychological network analysis theory [86, 87], central symptoms drive others and are crucial to the screening of the target addictive behavior, whereas other symptoms are more “peripheral” to the assessment. The fact that there is at least one central symptom per scale confirms the relevance of each. If all central symptoms belonged to one scale, it would suggest dominance of that scale over the other.
The fact that increased priority (IP) was found to be the most important central symptom is in line with a growing consensus in addiction studies around it as a core symptom of addictive disorders [34]. The present findings also add to the evidence that tolerance plays an important role in addictive pornography [101] and behavioral addictions overall [102]. Indeed, there is some evidence that the arousal effects associated with pornography are particularly sensitive to tolerance [103]. Still, there seems to be less consensus regarding tolerance as a criterion for assessing addictive behaviors than for IP [101, 102, 104].
In addition, the fact that IP is a central symptom may suggest that it is related to stronger addiction driving paths (e.g., “feels better” and “must do”) and is therefore involved in the shift from reward-driven to compulsive-driven processes and behaviors [41]. Overall, these findings suggest that IP is not only a core characteristic of addictive behaviors, but may develop based on driving factors (cravings, desires, negative reinforcement, feelings of compulsive motivations) referred to in the description of clinical features in the ICD-11 and in several theoretical models [41], including the Interaction of Person-Affect-Cognition-Execution (I-PACE) model of Internet-use disorders [105].

Limitations
The methodology used for data collection does not allow us to know how representative the study sample is of the population of online pornography users. Also, the lack of information on sexual orientation or sexual interests may have homogenized distinct groups within the population of online pornography users. In addition, it is possible that, if they had been tested against the “gold-standard” comprehensive clinical interview, the scales’ diagnostic validity, prognostic value and overall clinical utility might have been different.

Future studies
Building on the present findings and given our study limitations, future research should examine the comparative psychometric properties of these two types of instruments in representative samples to test which can better discriminate “normal” from “pathological” online pornography use, as well as other potentially problematic Internet-related behaviors. To advance the debate around behavioral addictions and impulse control disorders, it would be informative to collect data on clinical populations using screening tools based on different theoretical models and to conduct psychological network analyses to see if similar or different results can be found with respect to the centrality of impulsive or addictive symptoms. Finally, studies that compare the gold-standard clinical interview based on ICD-11 criteria to that based on DSM-5 criteria in the same sample and for the same potentially problematic online activity would be particularly illuminating.


Conclusion
The results of the present study suggest that two different Internet-based activities problematic use screening tools, based respectively on the DSM-5 criteria and ICD-11 criteria, can both adequately screen for “addictive” behavior, although the ACSID-11 is likely to have superior discriminant capabilities for assessing low clinical risk vs. high clinical risk. Tools based on the component model of behavioral addiction such as PPCS seem more suitable for use in general population whereas those based on ICD-11 criteria such as ACSID seem suitable both for non-clinical and clinical purposes, such as identifying individual “at risk” who may be targets for a psycho-educational intervention.
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	DSM-5
	The 5th version of Diagnostic and Statistical Manual of Mental Disorders

	ICD-11
	The 11th revision of the International Classification of Diseases

	WHO
	World Health Organization

	PPCS
	Problematic Pornography Consumption Scale

	PPCS-S
	Salience

	PPCS-MM
	Mood modification

	PPCS-C
	Conflict

	PPCS-T
	Tolerance

	PPCS-R
	Relapse

	PPCS-W
	Withdrawal

	ACSID-F/I
	Assessment of Criteria for Specific Internet-use Disorders– Frequency/Intensity

	ACSID-IC
	Impaired control

	ACSID-IP
	Increased priority given to the activity

	ACSID-CE
	Continuation/escalation of use despite negative consequences

	ACSID_FI
	Functional impairment in daily life

	ACSID-MD
	Marked distress

	CSBD
	Compulsive Sexual Behavior Disorder Scale

	CSBD-C
	Control (failure to)

	CSBD-S
	Salience

	CSBD-R
	Relapse

	CSBD-D
	Dissatisfaction

	CSBD-NC
	Negative consequences (distress or impairment)

	SES
	Socio-economic status

	EFA
	Exploratory factorial analysis

	PCA
	Principal component analysis

	CFA
	Confirmatory Factorial Analysis

	I-PACE
	Interaction of Person-Affect-Cognition-Execution




References
	1.
American Psychiatric Association. Diagnostic and statistical Manual of Mental disorders (DMS-5). Am Psychiatric Association. 2013. https://​doi.​org/​10.​1176/​appi.​books.​9780890425596.Crossref


	2.
Petry NM, Rehbein F, Ko CH, O’Brien CP. Internet gaming disorder in the DSM-5. Curr Psychiatry Rep. 2015;17(9):72. https://​doi.​org/​10.​1007/​s11920-015-0610-0.CrossrefPubMed


	3.
World Health Organization (WHO. International classification of diseases for mortality and morbidity statistics (11th Revision). WHO. 2018. https://​icd.​who.​int/​browse11/​l-m/​en.


	4.
Saunders JB, Hao W, Long J, et al. Gaming disorder: its delineation as an important condition for diagnosis, management, and prevention. J Behav Addict. 2017;6(3):271–9. https://​doi.​org/​10.​1556/​2006.​6.​2017.​039.CrossrefPubMedPubMedCentral


	5.
Billieux J, Maurage P, Lopez-Fernandez O, et al. Can disordered mobile phone use be considered a behavioral addiction? An update on current evidence and a comprehensive model for future research. Curr Addict Rep. 2015;2(2):156–62. https://​doi.​org/​10.​1007/​s40429-015-0054-y.Crossref


	6.
Fournier L, Schimmenti A, Musetti A, et al. Deconstructing the components model of addiction: an illustration through addictive use of social media. Addict Behav. 2023;143:107694. https://​doi.​org/​10.​1016/​j.​addbeh.​2023.​107694.CrossrefPubMed


	7.
Sun Y, Zhang Y. A review of theories and models applied in studies of social media addiction and implications for future research. Addict Behav. 2021;114:106699. https://​doi.​org/​10.​1016/​j.​addbeh.​2020.​106699.CrossrefPubMed


	8.
Alimoradi Z, Lotfi A, Lin CY, Griffiths MD, Pakpour AH. Estimation of behavioral addiction prevalence during COVID-19 pandemic: a systematic review and Meta-analysis. Curr Addict Rep. 2022;9(4):486–517. https://​doi.​org/​10.​1007/​s40429-022-00435-6.CrossrefPubMedPubMedCentral


	9.
Bonilla-Zorita G, Griffiths MD, Kuss DJ. Online dating and problematic use: a systematic review. Int J Ment Health Addict. 2021;19:2245–78. https://​doi.​org/​10.​1007/​s11469-020-00318-9.Crossref


	10.
Costa S, Barberis N, Griffiths MD, et al. The love addiction inventory: preliminary findings of the development process and psychometric characteristics. Int J Ment Health Addict. 2021;19:651–68. https://​doi.​org/​10.​1007/​s11469-019-00097-y.Crossref


	11.
Dauriat FZ, Zermatten A, Billieux J, et al. Motivations to play specifically predict excessive involvement in massively multiplayer online role-playing games: evidence from an online survey. Eur Addict Res. 2011;17(4):185–9. https://​doi.​org/​10.​1159/​000326070.Crossref


	12.
Hermand M, Benyamina A, Donnadieu-Rigole H, et al. Addictive use of online sexual activities and its comorbidities: a systematic review. Curr Addict Rep. 2020;7:194–209. https://​doi.​org/​10.​1007/​s40429-020-00301-3.Crossref


	13.
Godoy-Izquierdo D, Ramírez MJ, Díaz I, et al. A systematic review on Exercise Addiction and the disordered eating-eating disorders Continuum in the competitive Sport Context. Int J Ment Health Addict. 2023;21:529–61. https://​doi.​org/​10.​1007/​s11469-021-00610.Crossref


	14.
Grubbs JBK, Hoagland C, Lee BN, et al. Sexual addiction 25 years on: a systematic and methodological review of empirical literature and an agenda for future research. Clin Psychol Rev. 2020;82:101925. https://​doi.​org/​10.​1016/​j.​cpr.​2020.​101925.CrossrefPubMed


	15.
Kun B, Takacs ZK, Richman MJ, et al. Work addiction and personality: a meta-analytic study. J Behav Addict. 2020;9(4):945–66. https://​doi.​org/​10.​1556/​2006.​2020.​00097.CrossrefPubMedPubMedCentral


	16.
Juwono ID, Tolnai N, Szabo A. Exercise addiction in athletes: a systematic review of the literature. Int J Ment Health Addict. 2022;20:3113–27. https://​doi.​org/​10.​1007/​s11469-021-00568-1.Crossref


	17.
Lozano-Blasco R, Robres AQ, Sánchez AS. Internet addiction in young adults: a meta-analysis and systematic review. Comput Hum Behav. 2022;130:107201. https://​doi.​org/​10.​1016/​j.​chb.​2022.​107201.Crossref


	18.
Moreira D, Azeredo A, Dias P. Risk factors for Gambling Disorder: a systematic review. J Gambl Stud. 2023. https://​doi.​org/​10.​1007/​s10899-023-10195-1.CrossrefPubMedPubMedCentral


	19.
Niedermoser DW, Petitjean S, Schweinfurth N, et al. Shopping addiction: a brief review. Pract Innov. 2021;6(3):199–207. https://​doi.​org/​10.​1037/​pri0000152.Crossref


	20.
Andreassen CS, Pallesen S, Griffiths MD, et al. The Development and Validation of the Bergen-Yale sex addiction scale with a large National Sample. Front Psychol. 2018;9:144. https://​doi.​org/​10.​3389/​fpsyg.​2018.​00144.CrossrefPubMedPubMedCentral


	21.
Andreassen CS, Griffiths MD, Pallesen S, et al. The Bergen Shopping Addiction Scale: reliability and validity of a brief screening test. Front Psychol. 2015;6. https://​doi.​org/​10.​3389/​fpsyg.​2015.​01374.


	22.
Andreassen CS, Billieux J, Griffiths MD, et al. The relationship between addictive use of social media and video games and symptoms of psychiatric disorders: a large-scale cross-sectional study. Psychol Addict Behav. 2016;30(2):252–62. https://​doi.​org/​10.​1037/​adb0000160.Crossref


	23.
Bőthe B, Tóth-Király I, Demetrovics Z, Orosz G. The short version of the problematic pornography consumption scale (PPCS-6): a reliable and valid measure in general and treatment-seeking populations. J Sex Res. 2020a;58(3):342–52. https://​doi.​org/​10.​1080/​00224499.​2020.​1716205.CrossrefPubMed


	24.
Bõthe B, Tóth-Király I, Bella N et al. Pornography Use Motivations Scale (PUMS). Psychol Addict Behav.2021 https://​doi.​org/​10.​1037/​adb0000603.


	25.
Müller SM, Wegmann E, Oelker A, et al. Assessment of Criteria for specific internet-use disorders (ACSID-11): introduction of a new screening instrument capturing ICD-11 criteria for gaming disorder and other potential internet-use disorders. J Behav Addict. 2022;11(2):427–50. https://​doi.​org/​10.​1556/​2006.​2022.​00013.CrossrefPubMedPubMedCentral


	26.
Orosz G, Tóth-Király I, Bőthe B, Melher D. Too many swipes for today: the development of the problematic Tinder Use Scale (PTUS). J Behav Addict. 2016;5(3):518–23. https://​doi.​org/​10.​1556/​2006.​5.​2016.​016.CrossrefPubMedPubMedCentral


	27.
Billieux J, Stein DJ, Castro-Calvo J, et al. Rationale for and usefulness of the inclusion of gaming disorder in the ICD-11. World Psychiatry. 2021;20(2):198–9. https://​doi.​org/​10.​1002/​wps.​20848.CrossrefPubMedPubMedCentral


	28.
Flayelle M, Brevers D, King DL et al. A taxonomy of technology design features that promote potentially addictive online behaviours. Nat Rev Psychol.2023:2:136–50. https://​doi.​org/​10.​1038/​s44159-023-00153-4.


	29.
King DL, Potenza MN. Not playing around: Gaming disorder in the International classification of diseases (ICD-11). J Adolesc Health. 2019;64(1):5–7. https://​doi.​org/​10.​1016/​j.​jadohealth.​2018.​10.​010.CrossrefPubMed


	30.
De Alarcón R, de la Iglesia JI, Casado NM, Montejo AL. Online porn addiction: what we know and what we don’t—A systematic review. J Clin Med. 2019;8(1):91. https://​doi.​org/​10.​3390/​jcm8010091.CrossrefPubMedPubMedCentral


	31.
Aboujaoude E, Koran LM, Gamel N, Large MD, Serpe RT. Potential markers for problematic internet use: a telephone survey of 2,513 adults. CNS Spectr. 2006;11(10):750–5. https://​doi.​org/​10.​1017/​s109285290001487​5.CrossrefPubMed


	32.
Aboujaoude E. Virtually you: the dangerous powers of the e-personality. New York: W.W. Norton; 2011.


	33.
Aboujaoude E, Starcevic V. The rise of online impulsivity: a public health issue. Lancet Psychiatry. 2016;3(11):1014–5. https://​doi.​org/​10.​1016/​S2215-0366(16)30231-0.CrossrefPubMed


	34.
Brand M, Rumpf HJ, Demetrovics Z, et al. Which conditions should be considered as disorders in the International classification of diseases (ICD-11) designation of other specified disorders due to addictive behaviors? J Behav Addict. 2020;11(2):150–9. https://​doi.​org/​10.​1556/​2006.​2020.​00035.CrossrefPubMedPubMedCentral


	35.
Kardefelt-Winther D, Heeren A, Schimmenti A et al. How can we conceptualize behavioural addiction without pathologizing common behaviours? How to conceptualize behavioral addiction addiction. 2017;112(10): 1709–15. https://​doi.​org/​10.​1111/​add.​13763.


	36.
Satchell LP, Fido D, Harper CA, et al. Development of an offline-friend addiction questionnaire (O-FAQ): are most people really social addicts? Behav Res. 2021;53:1097–106. https://​doi.​org/​10.​3758/​s13428-020-01462-9.Crossref


	37.
Starcevic V, Billieux J, Schimmenti A. Selfitis and behavioural addiction: a plea for terminological and conceptual rigour. Aust N Z J Psychiatry. 2018;52(10):919–20. https://​doi.​org/​10.​1177/​0004867418797442​.CrossrefPubMed


	38.
Grant JE, Atmaca M, Fineberg NA, Fontenelle LF, Matsunaga H, Janardhan Reddy YC, Simpson HB, Thomsen PH, van den Heuvel OA, Veale D, Woods DW, Stein DJ. Impulse control disorders and behavioural addictions in the ICD-11. World Psychiatry. 2014;13(2):125–7. https://​doi.​org/​10.​1002/​wps.​20115.CrossrefPubMedPubMedCentral


	39.
Robison AJ, Nestler EJ. Transcriptional and epigenetic mechanisms of addiction. Nat Rev Neurosci. 2011;12(11):623–37. https://​doi.​org/​10.​1038/​nrn3111.CrossrefPubMedPubMedCentral


	40.
Olsen. Natural rewards, neuroplasticity, and non-drug addiction. Neuropharmacology 61(7):1109–22. https://​doi.​org/​10.​1016/​j.​neuropharm.​2011.​03.​010.


	41.
Brand M. Can internet use become addictive? Science. 2022;376(6595):798–9. https://​doi.​org/​10.​1126/​science.​abn4189.CrossrefPubMed


	42.
Griffiths MD. A ‘components’ model of addiction within a biopsychosocial framework. J Subst Use. 2008;10(4):191–7. https://​doi.​org/​10.​1080/​1465989050011435​9.Crossref


	43.
Brown RIF. Some contributions of the study of gambling to the study of other addictions. In: Eadington WR, Cornelius J, editors. Gambling behavior and problem gambling. Reno: Institute for the Study of Gambling and Commercial Gaming;: College of Business Administration, University of Nevada; 1993. pp. 241–72.


	44.
Flayelle M, Schimmenti A, Starcevic V, Billieux J. The pitfalls of recycling substance-use disorder criteria to diagnose behavioral addictions. In: Heather N, Field M, Moss AC, Satel S, editors. Evaluating the brain disease model of addiction. Routledge; 2022. pp. 339–49.


	45.
Starcevic V. Tolerance and withdrawal symptoms may not be helpful to enhance understanding of behavioural addictions. Addiction. 2016;111(7):1307–8. https://​doi.​org/​10.​1111/​add.​13381.CrossrefPubMed


	46.
Khazaal Y, Breivik K, Billieux J, et al. Game addiction scale assessment through a nationally representative sample of young adult men: item response theory graded-response modeling. J Med Internet Res. 2018;20(8):e10058. https://​doi.​org/​10.​2196/​10058.CrossrefPubMedPubMedCentral


	47.
Calvo F, Carbonell X, Oberst U, Fuster H. May the passion be with you: the addictive potential of collectible card games, miniatures, and dice of the Star wars universe. J Behav Addict. 2018;7(3):727–36. https://​doi.​org/​10.​1556/​2006.​7.​2018.​73.CrossrefPubMedPubMedCentral


	48.
Flayelle M, Maurage P, Karila L, Vogele C, Billieux J. Overcoming the unitary exploration of binge-watching: a cluster analytical approach. J Behav Addict. 2019;8(3):586–602. https://​doi.​org/​10.​1556/​2006.​8.​2019.​53.CrossrefPubMedPubMedCentral


	49.
Kraus SW, Sturgeon JA, Potenza MN. Specific forms of passionate attachment differentially mediate relationships between pornography use and sexual compulsivity in young adult men. Sex Addict Compulsivity. 2018;25(4):380–95. https://​doi.​org/​10.​1080/​10720162.​2018.​1532362.Crossref


	50.
Whelan E, Laato S, Islam, et al. A casino in my pocket: gratifications associated with obsessive and harmonious passion for mobile gambling. PLoS ONE. 2021;16(2):e0246432. https://​doi.​org/​10.​1371/​journal.​pone.​0246432.CrossrefPubMedPubMedCentral


	51.
Morvannou A, Dufour M, Brunelle N, Berbiche D, Roy É. One-year prospective study on passion and gambling problems in poker players. J Gambl Stud. 2018;34(2):379–91. https://​doi.​org/​10.​1007/​s10899-017-9706-2.CrossrefPubMed


	52.
Bőthe B, Potenza MN, Griffiths MD, Kraus SW, Klein V, Fuss J, Demetrovics Z. The development of the compulsive sexual behavior disorder scale (CSBD-19): an ICD-11 based screening measure across three languages. J Behave Addict. 2020b;9(2):247–58. https://​doi.​org/​10.​1556/​2006.​2020.​00034.Crossref


	53.
Substance Abuse and Mental Health Services Administration. Impact of the DSM-IV to DSM-5 Changes on the National Survey on Drug Use and Health [Internet]. Rockville (MD): Substance Abuse and Mental Health Services Administration, (US); 2016 Jun. Table 3.38, DSM-IV to DSM-5 Gambling Disorder Comparison. https://​www.​ncbi.​nlm.​nih.​gov/​books/​NBK519704/​table/​ch3.​t39/​.


	54.
Chamberlain SR, Leppink EW, Redden SA, Grant JE. Are obsessive-compulsive symptoms impulsive, compulsive or both? Compr Psychiatry. 2016;68:111–8. https://​doi.​org/​10.​1016/​j.​comppsych.​2016.​04.​010.CrossrefPubMedPubMedCentral


	55.
Aboujaoude E. Problematic internet use: an overview. World Psychiatry. 2010;9(2):85–90. https://​doi.​org/​10.​1002/​j.​2051-5545.​2010.​tb00278.​x.CrossrefPubMedPubMedCentral


	56.
Stark R, Klucken T, Potenza MN, et al. A current understanding of the behavioral neuroscience of compulsive sexual behavior disorder and problematic pornography use. Curr Behav Neurosci Rep. 2018;5:218–31. https://​doi.​org/​10.​1007/​s40473-018-0162-9.Crossref


	57.
Bőthe B, Toth-Kiraly I, Potenza MN, Griffiths MD, Orosz G, Demetrovics Z. Revisiting the role of impulsivity and compulsivity in problematic sexual behaviors. J Sex Res. 2019;56(2):166–79. https://​doi.​org/​10.​1080/​00224499.​2018.​1480744.CrossrefPubMed


	58.
Bőthe B, Koós M, Demetrovics Z. Contradicting classification, nomenclature, and diagnostic criteria of compulsive sexual behavior disorder (CSBD) and future directions: Commentary to the debate: behavioral addictions in the ICD-11. J Behav Addict. 2022;11(2):204–9.CrossrefPubMedPubMedCentral


	59.
Sassover E, Weinstein A. Should compulsive sexual behavior (CSB) be considered as a behavioral addiction? A debate paper presenting the opposing view. J Behav Addict. 2022;11(2):166–79. https://​doi.​org/​10.​1556/​2006.​2020.​00055.Crossref


	60.
Gola M, Lewczuk K, Potenza MN, Kingston DA, Grubbs JB, Stark R, Reid RC. What should be included in the criteria for compulsive sexual behavior disorder? J Behav Addict. 202025;11(2):160–5. https://​doi.​org/​10.​1556/​2006.​2020.​00090.


	61.
Aboujaoude E. (2011). Virtually you: The dangerous powers of the e-personality. W. W. Norton; 2011.


	62.
Pornhub. The 2019 Year in Review– Pornhub Insights. Pornhub; 2019. https://​www.​pornhub.​com/​insights/​2019-year-in-review.


	63.
Pornhub. The 2022 Year in Review– Pornhub Insights. Pornhub; 2022. https://​www.​pornhub.​com/​insights/​2022-year-in-review.


	64.
Lewczuk K, Wójcik A, Gola M. Increase in the prevalence of online pornography use: objective data analysis from the period between 2004 and 2016 in Poland. Arch Sex Behav. 2022;51(2):1157–71. https://​doi.​org/​10.​1007/​s10508-021-02090-w.CrossrefPubMed


	65.
Ben Brahim F, Courtois R, Vera Cruz G, Khazaal Y. Predictors of compulsive cyberporn use: a machine learning analysis. Addict Behav Rep. 2024. https://​doi.​org/​10.​1016/​j.​abrep.​2024.​100542.CrossrefPubMedPubMedCentral


	66.
Bridges A, Bergner R, Hesson-McInnis M. Romantic partners’ use of pornography: its significance for women. J Sex Marital Ther. 2003;29(1):1–14. https://​doi.​org/​10.​1080/​0092623039015479​0.CrossrefPubMed


	67.
Huntington C, Markman H, Rhoades G. (2021). Watching pornography alone or together: Longitudinal associations with romantic relationship quality. J Sex Marital Ther. 2021;47(2): 130–146. https://​doi.​org/​10.​1080/​0092623X.​2020.​1835760.


	68.
Lambert NM, Negash S, Stillman TF, Olmstead SB, Fincham FD. A love that doesn’t last: pornography consumption and weakened commitment to one’s romantic partner. J Soc Clin Psychol. 2012;31(4):410–38. https://​doi.​org/​10.​1521/​jscp.​2012.​31.​4.​410.Crossref


	69.
Willoughby BJ, Carroll JS, Busby DM, Brown CC. (2016). Differences in pornography use among couples: Associations with satisfaction, stability, and relationship processes. Arch Sex Behav. 2016;45:145–158. https://​doi.​org/​10.​1007/​s10508-015-0562-9.


	70.
Herbenick D, Fu TC, Wright P, et al. Diverse sexual behaviors and pornography use: findings from a nationally representative probability survey of americans aged 18 to 60 years. J Sex Med. 2020;17(4):623–33. https://​doi.​org/​10.​1016/​j.​jsxm.​2020.​01.​013.CrossrefPubMed


	71.
Briken P, Wiessner C, Štulhofer A, et al. Who feels affected by out of control sexual behavior? Prevalence and correlates of indicators for ICD-11 compulsive sexual behavior disorder in the German health and sexuality survey (GeSiD). J Behav Addict. 2022;11(3):900–11. https://​doi.​org/​10.​1556/​2006.​2022.​00060.CrossrefPubMedPubMedCentral


	72.
Bőthe B, Nagy L, Koós M, at al. International Sex Survey Consortium, Shane W, Kraus. Problematic pornography use across countries, genders, and sexual orientations: Insights from the International Sex Survey and comparison of different assessment tools. Addiction. 2024. https://​doi.​org/​10.​1111/​add.​16431.


	73.
Kafka MP. Hypersexual disorder: a proposed diagnosis for DSM-V. Arch Sex Behav. 2010;39(2):377–400. https://​doi.​org/​10.​1007/​s10508-009-9574-7.CrossrefPubMed


	74.
Prolific. A higher standard of online research. Prolofic; 2023. https://​www.​prolific.​co/​.


	75.
Palan S, Schitter C. Prolific.ac—A subject pool for online experiments. J J Behav Exp Finance. 2018;17:22–7. https://​doi.​org/​10.​1016/​j.​jbef.​2017.​12.​004.Crossref


	76.
Peer E, Samat S, Brandimarte L, Acquisti A. Beyond the Turk: alternative platforms for crowdsourcing behavioral research. J Exp Soc Psychol. 2017;70:153–63. https://​doi.​org/​10.​1016/​j.​jesp.​2017.​01.​006.Crossref


	77.
Mark KP, Vowels LM, Murray SH. The impact of attachment style on sexual satisfaction and sexual desire in a sexually diverse sample. J Sex Marital Ther. 2018;44(5):450–8. https://​doi.​org/​10.​1080/​0092623X.​2017.​1405310.CrossrefPubMed


	78.
Spector IP, Carey MP, Steinberg L. The sexual Desire Inventory: Development, factor structure, and evidence of reliability. J Sex Marital Ther. 1996;22(3):175–90. https://​doi.​org/​10.​1080/​0092623960841465​5.CrossrefPubMed


	79.
Swiss Human Research Act (HRA). Federal Act on Research involving Human Beings. HRA. 2022. https://​www.​fedlex.​admin.​ch/​eli/​cc/​2013/​617/​en.


	80.
Collier JE. Applied structural equation modeling using AMOS: Basic to advanced techniques. Routledge; 2020.


	81.
Hu LT, Bentler PM. Cutoff criteria for fit indexes in covariance structure analysis: conventional criteria versus new alternatives. Struct Equ Model. 1999;6(1):1–55. https://​doi.​org/​10.​1080/​1070551990954011​8.Crossref


	82.
Kline RB. Principles and practice of structural equation modeling. 2nd ed. Guilford Press; 2005.


	83.
Bland JM, Altman DG. Statistic notes: Cronbach’s alpha. BMJ. 1997;314(7080):572.CrossrefPubMedPubMedCentral


	84.
Cohen J. Statistical power analysis for the behavioral sciences. 2nd ed. New York: Academic; 1988.


	85.
Kim JO, Mueller CW. Factor analysis: statistical methods and practical issues. Thousand Oaks (CA): Sage; 1978.Crossref


	86.
Borsboom D, Cramer AOJ. Network analysis: an integrative approach to the structure of psychopathology. Annu Rev Clin Psychol. 2013;9:91–121. https://​doi.​org/​10.​1146/​annurev-clinpsy-050212-185608.CrossrefPubMed


	87.
Epskamp S, Borsboom D, Fried EI. Estimating psychological networks and their accuracy: a tutorial paper. Behav Res Methods. 2018;50(1):195–212. https://​doi.​org/​10.​3758/​s13428-017-0862-1.CrossrefPubMed


	88.
Cerny CA, Kaiser HF. A study of a measure of sampling adequacy for factor-analysis correlation matrices. Multivar Behav Res. 1977;12(1):43–7. https://​doi.​org/​10.​1207/​s15327906mbr1201​_​3.Crossref


	89.
Free Research Course. Binary logistic regression using SPSS, Free Research Course. 2023. https://​researchwithfawa​d.​com/​index.​php/​lp-courses/​data-analysis-using-spss/​binary-logistic-regression-analysis-in-spss/​.


	90.
Dhuffar MK, Griffiths MD. A Systematic review of online sex addiction and clinical treatments using CONSORT evaluation. Curr Addict Rep. 2015;2:163–174 (2015). https://​doi.​org/​10.​1007/​s40429-015-0055-x.


	91.
van Anders SM. Testosterone and sexual desire in healthy women and men. Archive Sex Behav. 2012;41(6):1471–84. https://​doi.​org/​10.​1007/​s10508-012-9946-2.Crossref


	92.
Jokinen J, Bostrom AE, Chatzittofis A, et al. Methylation of HPA axis related genes in men with hypersexual disorder. Psychoneuroendocrinology. 2017;80:67–73. https://​doi.​org/​10.​1016/​j.​psyneuen.​2017.​03.​007.CrossrefPubMed


	93.
Kürbitz LI, Briken P. (2021). Is compulsive sexual behavior different in women compared to men? J Clin Med. 2021;10(15), 3205. https://​doi.​org/​10.​3390/​jcm10153205.


	94.
Kowalewska E, Bothe B, Hrausa SW. Compulsive sexual behavior disorder: the importance of research on women. J Behav Addict 2024 https://​doi.​org/​10.​1556/​2006.​2023.​000.


	95.
Vera Cruz G. Human sexuality: discourse, theories, studies and practice. Berlin, Germany: LAP Lambert Academic Publishing; 2016.


	96.
Bőthe B, Tóth-Király I, Zsila Á et al. The development of the problematic pornography consumption scale (PPCS). J Sex Res 2018 Mar-Apr;55(3):395–406. https://​doi.​org/​10.​1080/​00224499.​2017.​1291798.


	97.
Meerkerk GJ, Van Den Eijnden RJ, Vermulst AA, Garretsen HF. The Compulsive Internet Use Scale (CIUS): some psychometric properties. Cyberpsychol Behav. 2009;12(1):1–6. https://​doi.​org/​10.​1089/​cpb.​2008.​0181. PMID: 19072079.


	98.
Khazaal Y, Achab S, Billieux J, Thorens G, Zullino D, Dufour M, Rothen S. Factor structure of the internet addiction test in Online gamers and Poker players. JMIR Ment Health. 2015;2(2):e12. https://​doi.​org/​10.​2196/​mental.​3805.CrossrefPubMedPubMedCentral


	99.
Chen L, Jiang X, Luo X, et al. The role of impaired control in screening problematic pornography use: evidence from cross-sectional and longitudinal studies in a large help-seeking male sample. Psychol Addict Behav. 2022;36(5):537–46. https://​doi.​org/​10.​1037/​adb0000714.CrossrefPubMed


	100.
Fillmore MT. Drug abuse as a problem of impaired control: current approaches and findings. Behav Cogn Neurosci Rev. 2003;2(3):179–97. https://​doi.​org/​10.​1177/​1534582303257007​.CrossrefPubMed


	101.
Lewczuk K, Wizła M, Glica A, et al. Withdrawal and tolerance as related to compulsive sexual behavior disorder and problematic pornography use - preregistered study based on a nationally representative sample in Poland. J Behav Addict. 2022;11(4):979–93. https://​doi.​org/​10.​1556/​2006.​2022.​00076.CrossrefPubMedPubMedCentral


	102.
Horváth Z, Paksi B, Fernández-Aranda F, et al. The predictive role of tolerance and health problems in Problem Gambling: a cross-sectional and cross-lagged network analyses. J Gambl Stud. 2023;4:1–18. https://​doi.​org/​10.​1007/​s10899-023-10191-5.Crossref


	103.
Antons S, Matthias B. Inhibitory control and problematic internet-pornography use - the important balancing role of the insula. J Behav Addict. 2020;9(1):58–70. https://​doi.​org/​10.​1556/​2006.​2020.​00010.CrossrefPubMedPubMedCentral


	104.
Razum J, Baumgartner B, Glavak-Tkalić R. Psychometric validity and the appropriateness of tolerance as a criterion for internet gaming disorder: a systematic review. Clin Psychol Rev. 2023;101:102256. https://​doi.​org/​10.​1016/​j.​cpr.​2023.​102256.CrossrefPubMed


	105.
Brand M, Young KS, Laier C, Wölfling K, Potenza MN. Integrating psychological and neurobiological considerations regarding the development and maintenance of specific internet-use disorders: an Interaction of person-affect-cognition-execution (I-PACE) model. Neurosci Biobehav Rev. 2016;71:252–66. https://​doi.​org/​10.​1016/​j.​neubiorev.​2016.​08.​033.CrossrefPubMed


	106.
World Medical Association (WMA). WMA Declaration of Helsinki - Ethical Principles for Medical Research Involving Human Subjects. WMA. 1964. https://​www.​wma.​net/​policies-post/​wma-declaration-of-helsinki-ethical-principles-for-medical-research-involving-human-subjects/​#:​~:​text=​Medical%20​research%20​involving%20​human%20​subjects%20​must%20​be%20​conducted%20​only%20​by,or%20​other%20​health%20​care%20​professional.




Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in published maps and institutional affiliations.


OEBPS/navigation.xhtml

    
      Contents


      
        		How much online pornography is too much? A comparison of two theoretically distinct assessment scales


      


    
    
      Landmarks


      
        		Body Matter


      


    
  

OEBPS/images/13690_2024_1294_Fig2_HTML.png
Strength

PPCS_W

PPCS_TH

PPCS_S1

PPCS_R

PPCS_IM

PPCS_CH

ACSID_MD

ACSID_IP A

ACSID_IC

ACSID_FI

ACSID_CE

o0

03

06

09





OEBPS/css/envelope.png





OEBPS/images/13690_2024_1294_Fig1_HTML.png
e ACSID
e PPCS






OEBPS/css/sidebar.gif





